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Abstract
Objective: We consider how data librarians can take antiracist action in
education and consultations. We attempt to apply QuantCrit thinking,
particularly to demographic datasheets.
Methods: We synthesize historical context with modern critical thinking
about race and data to examine the origins of current assumptions about
data. We then present examples of how racial categories can hide, rather
than reveal, racial disparities. Finally, we apply the Model of Domain
Learning to explain why data science and data management experts can
and should expose experts in subject research to the idea of critically
examining demographic data collection.
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Abstract Continued
Results: There are good reasons why patrons who are experts in topics
other than racism can find it challenging to change habits from
Interoperable approaches to race. Nevertheless, the Census categories
explicitly say that they have no basis in research or science. Therefore,
social justice requires that data librarians should expose researchers to this
fact. If possible, data librarians should also consult on alternatives to
habitual use of the Census racial categories.
Conclusions: We suggest that many studies are harmed by including race
and should remove it entirely. Those studies that are truly examining race
should reflect on their research question and seek more relevant racial
questions for data collection.
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Introduction
Kivel suggests that to combat racism, one must first assume that it is everywhere,
every day (Kivel 2017, 137). Various works on race, gender, colonialism, and
other forms of systemic bias suggest that we should interrogate everyday systems
around us because the systems built by society often invisibly incorporate the
prejudices and power dynamics inherited from history (see: D’Ignazio and Klein
2020; Held 2019; Kendi 2019)
Research is not excluded from the need for this inquiry. There has been a call to
enact critical approaches to research via alternative ways to conceptualize science
and research (Anderson 2004; Jo & Gebru 2020). The QuantCrit approach, in
particular, suggests that critical theory approaches should be applied to
quantitative and statistical analyses. (Gillborn et al. 2018; Vincent-Ruz 2020).
Furthermore, computational analytics and data science have particularly come
under scrutiny recently. Several scholars have identified ways that data in complex
algorithms and particularly the machine learning context are increasingly
incorporating and invisibilizing inequity, exacerbating biases even when it is
intended to address poverty and inequality (Benjamin 2019; Eubanks 2018; Noble
2018; O’Neil 2016; Zuberi 2001).
As information professionals in the data space, there are many decisions made in
the process of defining, collecting, transforming, analyzing, presenting, and
sharing data. The authors, therefore, suggest that the data lifecycle is produced by
and interwoven with systems. From terminology to technology, data choices are
influenced by past and present research and the organizations and communities
that create research. Data are not immutable; we experience many mutable
decisions when we discuss our patrons’ options for interoperable data element
operationalization, reusable error correction approaches, and findable taxonomic
and ontologic structures. If data is produced by and interwoven with systems, then
it can reflect the biases of those systems. Thus, data can contain invisible racism,
or antiracism, or even both at the same time, inherited by the systems that create
the data.

Categorization: Why and how
In 1977, the federal government created standards for collecting racial and ethnic
data. The federal government does not define race and ethnicity, and
acknowledges the ambiguity of the terms (60 Fed. Reg. 44680). Merriam-Webster
defines “race” as being “based on physical traits regarded as common among
people of shared ancestry” (n.d.) and “ethnic” as related to groups based on
“common racial, national, tribal, religious, linguistic, or cultural origin or
background” (n.d.). A related term that will also be discussed in this article is
“nativity,” which is the place of one’s birth. The Office of Management and Budget
(OMB) created the following racial and ethnic categories: American Indian or
Alaska Native, Asian or Pacific Islander, Black or African American, Hispanic, and
White. A subsequent 1997 categorization disaggregated Asian-descended
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Americans from Pacific Island-descended Americans (62 Fed. Reg. 58782). The U.
S. Census Bureau, as a federal agency, is required to follow the OMB categories
(U. S. Census Bureau 2020). Before the 1997 U.S. definitions, the history of racial
categorization has embedded a wide range of social and political choices. At first
European naturalists, in an attempt to combine their social perceptions of the
world with the science of biology, described the people of the world as they
perceived them: explicitly excluding non-European people based on race (Kraeger
2004; Zuberi 2001). This approach, along with related Eurocentrism efforts such
as tracking any perceptible proportion of “Black blood,” became represented and
embedded in the U.S. Census and in state and local demographic surveys (Pratt et
al. 2015; Zuberi 2001). The resulting heterogeneity of racial data lacked
interoperability, which led to challenges in making cross-boundary and longitudinal
comparisons. This led to especially noticeable problems once laws came into place
requiring states to benchmark inequities and make improvements. As activism
expanded for many groups such as Americans of South and Central American
origins, it became necessary to build better estimates of the scope of
socioeconomic challenges (Humes and Hogan, 2009).
Thus, in the mid-20th century, researchers began to study racial inequities with
the aim of correcting them. To facilitate this, the OMB issued a policy called
Directive No. 15, which defined the categories of racial and ethnic data to be
collected and reported on by federal statistical programs. With this policy came the
very explicit statement that science was in no way involved in developing these
categories:

These classifications should not be interpreted as being scientific
or anthropological in nature, nor should they be viewed as
determinants of eligibility for participation in any Federal
program. They have been developed in response to needs
expressed by both the executive branch and the Congress to
provide for the collection and use of compatible, nonduplicated,
exchangeable racial and ethnic data by Federal agencies. (Office
of Management and Budget 1977, 37)
We can see that these categories were, and continue to be, driven by issues of
politics and policy. Further, they continue to be revised based primarily on political
realities. For example, in the original 1977 list, Asian or Pacific Islander was one
racial category. However, in response to advocacy by Native Hawaiians, in 1997
this was updated to create two new categories: Asian, and Native Hawaiian or
Other Pacific Islander. However, this nuance is sometimes lost. Though the federal
government enacted this change, the umbrella Asian American Pacific Islander
category persists elsewhere, including in state-level health statistics.
Now, some Pacific Islander community leaders
Pacific Islanders from Asian Americans to reflect
experience (Ishisaka 2020). Pacific Islander
originating or living in Micronesia, Melanesia,
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communities face significant health and socio-economic disparities compared to
other groups. In most measures, such as poverty rates and health outcomes,
Native Hawaiian and Pacific Islander (NHPI) people fall behind white Americans as
well as behind Asian Americans. These disparities are especially evident with
COVID-19. In Washington, the state with the third-highest number of NHPI in the
country, Native Hawaiians and Pacific Islanders have a seven times higher rate of
COVID-19 cases than white and Asian American people (Pacific Islander
Community Association of Washington 2020). Furthermore, even the
Asian-American category is deeply problematic, covering as it does an enormous
range of genetic and geographic heritages. The aggregation of Asian-American
students, for example, hides substantial disparities in educational attainment
among these diverse populations (Allen et al. 2019).
More recently, leading up to the 2000 census, groups advocated reclassifying
people of Middle Eastern origin from white to their own primary race category. This
was unsuccessful in part due to disagreement on whether the category should be
Middle Eastern (a geographic designation) or Arab American (an ethnoracial
designation). Other efforts to add to the primary racial classification have similarly
failed due to various reasons, including difficulty crafting effective persuasive
arguments, lack of data showing past and ongoing discrimination, and political
clout (Prewitt 2005). On the other hand, debates at the time also led to changes in
data collection on multiracial heritage among Americans, which allowed for more
self-identity but also brought many questions to light about the concept of
Blackness in the United States (Brundsma and Rockquemore 2002).

Thus we can see that politics and policy drive the OMB/Census categories, but
those categories also affect research. Although race is often used to study health
disparities, studies have shown that even among supposedly-well-established
disparities like the hypertension gap between Black and white people, there are
more complex interactions with cultural background and nationality than there are
with race alone (Best and Chenault 2014). Bilheimer and Klein (2010) also discuss
issues in the analysis of health disparities. One challenge is measurement errors in
collecting racial and ethnic data. Though self-report is the gold standard, people
from different countries of origin may not identify with any of the OMB categories.
For example, the Pew Research Center found that 26.2 million single-race
Hispanics said they were “some other race,” referring to those who wrote in an
answer that did not fit in the race categories listed on the census (Lopez,
Krogstad, and Passel 2021). Black identity is not a monolithic or simple matter
either, as both global African Diasporic studies and U.S.-based discussions of Black
identity have shown (Best and Chenault 2014; Hernandez and Murray-Johnson
2015; Sanders Thompson and Akbar 2003; Zeleza 2005).
Self-report can be improved, and guidance gradually pushes towards new data
collection recommendations for large-scale survey data. In 2015, the Census
Bureau tested two alternative ways to allow people to self-report their race and
ethnicity, and recommended a format that allowed respondents to choose from
more granular countries of origin under the broader current racial and ethnic
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categories, and to select as many categories as apply (Cohn 2017). The Institute
of Medicine also recommended rolling up granular ethnicities into the OMB
standard categories (Bilheimer and Klein 2010). These are just a few examples of
why racial data needs different nuance in research than it does in U.S.
policy-driven federal data collection.

Race categorization: Doing harm
One of the authors works with an undergraduate Health Sciences course on Health
Disparities. A semester project requires the students to collect health statistics and
compare them between racial and ethnic groups across different geographic levels,
using various sources, primarily federal. A recurring topic students tend to present
concerns the “Hispanic Health Paradox,” which states that Hispanic/Latine1 people
live longer and have lower death rates from heart disease, cancer, and many of
the other leading causes of death than non-Hispanic white residents. This is
despite having social disadvantages, including lower incomes and worse access to
health coverage. There are many theories why, including the more robust social
networks, healthier eating habits, and lower smoking rates among some Hispanic/
Latine2 groups, particularly newer arrivals (Hostetter and Klein 2018).
However, the over-aggregation of ethnic data may be the actual origin of this
contradiction. Aggregating all Hispanic/Latine people as one ethnic group creates
inaccurate homogeneity that can appear to be a “paradox.” Studies that apply
more nuance have suggested that the “Hispanic” designation masks important
sources of health disparities among Hispanic/Latine groups. Some sources of
disparities appear to be more strongly linked to socioeconomic topics, such as
whether Hispanic/Latine people have health insurance. Other sources of disparities
appear to vary according to more culturally-relevant variables such as whether a
person speaks primarily Spanish or English or what country a person grew up in.
The Hispanic/Latine population comes from more than 20 countries with differing
experiences and social circumstances, including immigration status. This
inaccurate homogeneity makes it hard to pinpoint health indicators, such as high
rates of diabetes, liver disease, certain cancers, and poor birth outcomes among
some Hispanic/Latine groups (Hostetter and Klein 2018). For example, data from
the U.S. Department of Health and Human Services, Office of Minority Health
(2019) shows that Puerto Ricans had a higher infant mortality rate in 2017 than
Cubans, Mexicans, Central and South Americans, and non-Hispanic whites.
Similarly, data from the Centers for Disease Control and Prevention show that
health is generally worse among Hispanic/Latine people born in the U.S. compared
to those born in other countries (Hostetter and Klein 2018). Finally, a 2015 study
examined the relationship between race and Hispanic ethnicity, maternal and child
1

2

While Hispanic and Latino/a/e are often used interchangeably, they are not synonymous.
Hispanic refers to people from Spanish-speaking countries (which would exclude Brazil), while
Latino/a/e refers to people of Latin American descent living in the US.
Because the term “Latinx” is drawn from the English-speaking “-x” suffix and does not fit well
with Latin American languages, the authors use the term “Latine” to indicate anyone who
identifies with Latin American ancestry and ethnicities regardless of what gender or genders they
identify with.
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nativity, country of origin, and asthma among non-Hispanic white and Hispanic
children across 65 Los Angeles neighborhoods and found that while lifetime
asthma prevalence was reported among 9% of children, with no significant
differences between Hispanic and non-Hispanic whites overall, Hispanic children of
non-Mexican origin reported higher odds of asthma compared to non-Hispanic
white children. Further, a protective nativity effect was also observed among
children of foreign-born mothers compared to U.S.-born mothers (Camacho-Rivera
et al. 2015). These examples clearly demonstrate the harm of examining data
from a narrow, race-based lens.

Reflection and inclusion: Conceptualizing change
This discussion naturally leads to the question of how researchers can improve on
past habits in their use of racial demographics. The Institute for Healing and
Justice suggests that we should avoid using race throughout clinical education,
research, and practice (Chadha et al. 2020). This approach is probably the
simplest and most effective at raising awareness and preventing harm, particularly
when research teams add race as a just-in-case sort of variable. At the opposite
end of the spectrum, a study that is deliberately and primarily focused on
interoperable disparity surveillance must include appropriate categories but would
do well examine the current best practices in all disparity monitoring in order to
structure their entire analytical pipeline towards maximizing interoperability with
other disparity surveillance studies (Dorsey et al. 2014). If the study uses race for
disparity surveillance, then the research question and design should reflect and
emphasize that.
Certainly, though, there is a wide range between surveillance-scale disparity
monitoring designs and removing race as a variable. There is a spectrum between
studies that do not need race and studies that absolutely must have race and must
collect it in a specific way to interoperate with previous designs. Interoperability is
important to many studies, but researchers need to learn to consider which
concepts of race we want to be interoperable with. The classification system of the
Census demographic categories is built by the politics and specific inequities in
play before the turn of the century. This classification system is valuable for
addressing those known inequities and tracing impacts then and changes from that
time onward, longitudinally. Thus, to collect data according to the 1977 or 1997
Census categories is to prioritize interoperability within a system defined by the
inequities that were identified and defined then and have been inherited since.
However, it can never move beyond the categories that were defined at that time.
Since those categories carry considerable history of racism, research studies can
be improved if researchers take the time to evaluate whether interoperability with
those inherited concepts is more valuable to the study than learning to examine
what lenses on race are being privileged in each study.
Rectifying the history of racism requires reflecting seriously on the roles of power
and history in the concepts of race and how that affects the classification systems
being considered (D’Ignazio and Klein 2020; Garcia et al. 2018). Power struggles
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that were taking place when the Census categories were established, and the
then-new drive to track initiatives that were attempting to overturn previous
power forces, were explicitly stated to be the purpose for defining the
demographic groups according to policy priorities of the day rather than science
(Office of Management and Budget 1977). Thus, history is embedded in them, and
their use or overuse deserves a strong critique. Although “critical school”
approaches such as critical race theory and intersectional feminist approaches
have generally been applied to qualitative inquiry and giving voice to unhear
voices about lived experiences, it is time to look at quantitative data as a product
of social systems and thus in need of the same level of antiracist critique as
anything else (Garcia et al. 2018).

One approach that has arisen to take up this idea is “QuantCrit” (Garcia et al.
2018; Gillborn et al. 2018; Lopez et al. 2018; Vincent-Ruiz 2020). QuantCrit
researchers suggest that one possibility is to examine the literature for meaningful
covariates that should be examined alongside race and then prioritize
intersectionality as a source of disparities (López et al. 2018). The downstream
sharing of this kind of data might need close consideration, though; users of the
shared data might choose not to take the intersectional approach. Since sharing of
detailed sociodemographics generally leads to privacy risks anyway, this kind of
dataset might be sharable only as a processed crosstab or perhaps anonymized to
only sociodemographic data if there are other meaningful variables that could be
examined without the demographic inquiry. Taking an intersectional approach, as
QuantCrit theorists have advocated, should be informed by a close examination of
the literature for potential covariates.
In fact, a close examination of the literature to understand known
sociodemographic impacts on the question is generally a good idea. Thus, if a case
for biological forces is to be made, then genetic literature should have produced it.
Likewise, if a case for social forces is to be made, then a multiplicity of social
forces can be considered based on what is known. Thus, another QuantCrit
approach is to speak to affected communities or seek the voices of affected groups
in order to be informed by researchers and community members who are more
expert in the disparity research than a (non-disparities-focused) subject
researcher might be. Unfortunately, the literature is subject to the same social
forces that all of research is, and so, the literature is not always the best source of
equity-focused information. It might be a place to suggest that consultees start for
a deeper understanding and reflection on historical biases in data collection.
Ultimately, though, the voices and experiences of the racial group(s) of focus are
essential and should be included in research design (Gillborn et al. 2018).
Being informed and guided by the interests of the data producers should be
prioritized; ethical guidelines on human research widely advise that people must
be treated as having authority over themselves and their data (e.g., the Belmont
Report, Department of Health, Education, and Welfare 1979). That could be taken
as a broader principle that a peoples should have authority over their data and
determine what benefits to prioritize in the use of that data, rather than serving as
Journal of eScience Librarianship
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a source of resources to be profited from as if researchers were drilling for oil.
Prioritizing the needs of the peoples being studied is a good general principle, and
some relatively recent discussions have emphasized this in the context of stateless
nations. Readers might be familiar with the CARE principles and the
#BeFAIRandCARE movement (see Global Indigenous Data Alliance 2019). Taking
these principles of Collective benefit, Authority to control, Responsibility, and
Ethics into account in all data collection would undoubtedly improve the social
impact of research. The CARE principles would be good guides for social justice in
and out of the study of indigenous peoples. Understandably, it might be hard to
convince researchers to apply these principles to all research. Nevertheless, it is a
good direction to try.

Suppose this kind of community engagement is not possible, and removing race as
a variable is not appropriate to the research question. In that case, we suggest
going back to the idea of reflexive research. Researchers should reflect on the
research question. What is the need for race in this case? Would it be better
represented by a different grouping of races, or perhaps by a more nuanced
question? If social aspects of race are essential, then clarify to the participants
that social effects are the key. If social effects of race are the topic of the research
question, consider advising consultees to make the social construct of race very
clear by specifying “socially assigned race” instead of simply race (Jones et al.
2008), while still allowing for the option of self-identifying as multiracial (Dorsey et
al. 2014).
One first step towards antiracist justice in quantitative research is making it
habitual to reflect on the place of racial representation in quantitative research.
Some researchers will apply a demographic sheet by habit (as the lead author of
this article has done in the past) and structure it by rote application of the Census
categories (as the lead author of this article has also done). This is an ingrained
habit for many social researchers, and no single preferable improvement to the
practice has been identified.
Therefore, the first step towards systemic change is for more researchers to
internalize that the Census race categories are not based in research and should
not be habitually applied to research. A nonexpert in demographics may
reasonably assume that the Census categories are based in meaningful origins,
and be simply uninformed about the political origins of common racial and ethnic
datasheet categories. If a researcher considers it, they may also be convinced by
other researchers' ongoing use of the same categories.
Furthermore, racial data is a multilevel, nuanced issue that needs reflection in
each study design. There are good, complex reasons why removing rote
datasheets will be a difficult first step for any researcher, much less making
subsequent steps towards complex study-by-study critique of the roles of race and
ethnicity. Domain experts, such as researchers, need to be exposed to and then
acclimate to the idea that they may have been taught misinformation about race
in social data.
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Leading the change: Teaching and consulting on demographic
critique
To change researchers’ racial data practices, it is necessary to address the
misinformation or mistaken assumption that the common colonial data categories
in the U.S. are scientifically correct and canonical approaches to studying race and
ethnicity. However, as we have shown above, there is not one single best practice
to which researchers can easily switch by rote. Thus, helping researchers to
change their thinking will require two stages. The first stage of change is
addressing the habit and related misinformation that has caused researchers to
misconceptualize the nature of existing racial and ethnic categorization practices.
The second is learning to appropriately apply relevant expertise from a research
design to the secondary topic of demographics.
Data consultations and open workshops provide an opportunity to enact this
epistemic change. Consultations are a gentle way to address misinformation.
Misinformation can range from a lack of awareness regarding the scientificness (or
lack of scientificness) of racial constructs to a belief that the differences do not
impact data findings and therefore do not matter. Misinformation correction
requires situating the change consonant with the person's existing worldview
(Lewandowsky et al. 2012). Discussing the intersection between racial constructs
and data collection can frame the conversation from the familiar perspective of
scientific inquiry. Similarly, people can be resistant to authoritarian corrections of
misinformation (Lewandowsky et al. 2012). It is important then to ponder a
non-authoritarian and non-threatening approach to encouraging sustained change.
Data consultations provide a non-threatening space to begin to address erroneous
race-based beliefs. Generalized workshops for awareness can also provide a nonthreatening and less personal space, helping build awareness as one of a suite of
ideas being shared for a range of attendees. They can also help to introduce the
idea that a process of developing a little expertise in social demographics might be
relevant to researchers in non-demographic subjects.
Once a researcher starts to move away from rote use of census-based racial and
ethnic categories, they need to start learning about alternatives that work for their
study design. Considering this perspective, an acclimation period should be
expected. The Model of Domain Learning (MDL), a theory that examines expertise
development as a process versus product, explains that one begins in an
acclimation phase with a new domain (Alexander 1997). This framework provides
a supportive, developmental lens through which we can address racial knowledge
domain familiarity while recognizing the existing domain expertise which
researchers possess. A new domain may be very close to existing domains of
proficiency but not the same as those proficient areas. Selective deep topic
knowledge can develop in just those specific areas of situational interest without
building to overall expertise. In other words, a researcher may be very
knowledgeable about how to define core variables according to standards used by
those experts, yet their expertise may be much lower in secondary topics.
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If a researcher knows nothing about a secondary topic, a researcher might consult
a data librarian about other taxonomies or ontologies with high Interoperability.
However, most people are at least passingly familiar with the Census categories,
so it is natural to reach for those categories automatically. MDL situates the
researcher’s competence with the domain of racial forces and demographics as not
high unlike their subject expert topic, but neither is it nonexistent like (perhaps)
their acclimation with the domain of digital preservation practices. The researcher
naturally would automatically apply the domain knowledge they have—that gained
from being a user of the Census. They are not cued to seek an outside expert the
way they might with other data issues where they have no knowledge. Data
librarians can provide that cuing by asking, without judgment, whether the
demographic datasheet was developed based on specific goals or added using the
default categories. Experts in a subject domain are not expected to be experts in
the data science domain; this is where the opportunity arises for data
consultations to begin collaboratively building expertise in data collection. We can
then use the consultation to familiarize researchers with the idea that Census
categories are not grounded in research and see if they become interested in
exploring further. Additionally, collaborative consultation can provide valuable
support for this endeavor. Data librarians and subject librarians can work
side-by-side to help researchers make the bridge from primary expertise to
secondary expertise with data. Extending these conversations to other research
support structures on campus, such as institutional review boards or faculty
senate, can provide a holistic campus approach to raising the overall education
and expectations of researchers.

Acclimation moves toward competence as individuals obtain subject-matter
knowledge, use surface and deep-processing strategies to interact with the
knowledge, and increase their personal association with the domain (Alexander
1997). Hence, data consultations can support an individual’s movement through
the acclimation phase via continued conversations surrounding data collection and
aggregation designs. Over time, data consultations can begin the conversation on
how to enact systematic, sustainable change in data collection, aggregation, and
reporting.
Confusing, inconsistent, and contradictory usage of racial terms and categories
impedes the ability to use data and results in future research (Yudell et al. 2016).
Disparate implementations of changes in racial categorization would only further
muddy the waters. By the data collection stage, having a thorough understanding
of what the researcher is examining can ensure that the data collected is valuable
and applicable to the research goals. Clarifying classificatory terminology when
reporting results provides readers with a deep understanding of how and why the
classification exists. Finally, ensuring data aggregation retains fidelity to these
classifications provides for nuanced and accurate future use of reported data.
Further, calls for journals to begin publishing guidelines rationalizing the use of
classificatory terminology would support this systematic change (Yudell et al.
2016).
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Despite the rhetoric surrounding racial constructs, researchers and scientists may
struggle due to misinformation or the belief that research is a systematic process
with little room for change. The one-on-one nature of data consultations provides
a unique opportunity to address the persistence of erroneous beliefs in a targeted,
specific way while encouraging and formulating data collection methods that can
shape systematic change.
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